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Trading-Space-For-Time (TSFT) approach singh et al. 2011 Hess]
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Modular Assessment of Rainfall-Runoff Models Toolbox (MARRMoT: Knoben et al. 2019 GMD)
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Catchment attributes and meteorology for large-sample studies dataset (CAMELS: Newman et al. 2015 HESS)
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Multi-model Ensemble for Robust Verification of hydrological models in Japan (MERV-Jp) isawada et al. 2022 Hrt]
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